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Change of Variables
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In particular , take G. B) = ( Rd , BURG) , I : Cr,F,B)→ Rd
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In particular
,
for IR - valued random variables
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Upshot : if we knew µ× , we can calculate
expectations of functions of X .
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For higher moments, we can use Gaussian integration by parts :
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Eg .

Poisson distribution Paisa)
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Models number of events occurring in a fixed time period .

Closely related to Exploit ; we 'll look into this later
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Eg . Uniform Random Variables Hectors

Let B. e- BURD) with HB ) > 0 .

y.ae B)
A random vector I =D Unif (B) off PIXIE A) = HB)

""*""÷:&
.
's"¥.
"'m "

O .i. f # = Taz, DB .

at d en Rd

For example : U Et Unf Ha, bi )
fu lol ) ' beta Dea,bi

# lui - fan - faugh, Gilda -

- La Sabado -

- La lb D= agb
•


